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Divorce and Female Labor Force Participation:
Evidence from Times-Series Data, Causality Tests, and Cointegration

I. Introduction

Divorce, female labor force participation, and median real annual income for females are
important indicators of the economic status of women in the United States. Over the last fifty
years, each of these factors has experienced significant increases. The number of divorces per
1,000 married women age 15 years or older increased from 11.2 in 1948 to 19.8 in 1995 reaching
a high of 22.8 in 1979. Female labor force participation increased from 32.7 percent in 1948 to
58.9 percent in 1995, the highest participation rate during the period. The median real income
for women increased 121 percent during this period, from $6,149 (2000 = 100) in 1948 to
$13,620 in 1995.

The sizable increase in the number of divorces (see Figure 1) has led to much research and
conjecture regarding the factors that influence the decision to dissolve a marriage. This increase
has been attributed to, among other factors, the sexual revolution of the Sixties, the emergence of
no-fault divorce procedures, the diminished stigma associated with being divorced, and the
increased acceptance of divorced individuals as suitable spouses. However, early researchers
placed a great deal of emphasis on the idea that increasing female labor force participation (see
Figure 2) placed various “pressures” on the household and, ultimately, resulted in larger numbers
of divorces. Closely tied to this argument is the indisputable relationship between income and
labor force participation. As female incomes rise (see Figure 3), divorce, the argument goes,
becomes more likely.

Using time-series techniques, this paper investigates the relationship between divorce, female

labor force participation, and median female income. Though it is shown that these variables
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exhibit unit roots, their first differences are found to be stationary, and evidence is produced that
they are cointegrated. In other words, the cointegration techniques of Johansen and Juselius
show the existence of a long-run relationship between these variables.

A VAR of the first differenced data is estimated using an error-correction technique.
Impulse functions from this model reveal that an increase in divorce leads to a rise in female
labor force participation; but, positive innovations to female labor force participation imply a
decline in the divorce rate. Impulse function analysis also shows that a positive innovation to
median female income leads to increased divorce and increased labor force participation on the
part of females.

The rest of the paper consists of five additional sections. Section II provides a relatively
thorough review of the literature regarding marital dissolution. Section III gives a complete
discussion of the data and its sources along with the unit roots tests for the various time series.
The fourth and fifth sections present the cointegration and the vector error correction model
results. Finally, in Section VI, conclusions and recommendations for further research are

provided.

II. Literature review

There have been many studies of divorce in the United States and they have used a wide
assortment of techniques, variables and data to produce results that often seem contradictory and,
sometimes even, counterintuitive. Variables used to predict divorce have included marriage
tenure; working status of the female; the husband’s earnings, age, and educational level; the
wife’s earnings, age, and educational level; the number and age of children; and the occurrence
of a previous divorce. Macroeconomic variables such as the unemployment rate, the inflation

rate and the rate of growth in real GDP have also been used to explain the observed increase in
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divorce.

Lombardo [1999], and Greene and Quester [1982] argue that wives facing a higher risk of
divorce will hedge against that risk with higher levels of labor force participation, and that they
will also respond by working longer hours. The basic argument made in these papers is that
investment in nonmarket activities, such as child rearing, becomes relatively less attractive (it
yields a lower expected return), and investment in human capital becomes relatively more
attractive (it yields a higher expected return) as the probability of divorce increases. Studies by
Johnson and Skinner [1986], and Shapiro and Shaw [1983] provide additional evidence for the
above argument by finding that women increase their labor force participation prior to
dissolution of a marriage. The above papers make a clear causality argument that an increase in
the likelihood of divorce increases a females willingness to enter the labor force.

Spitze and South in two separate studies [1985, 1986] argue a different line of causality.
Their conclusion is that an increase in female labor force participation leads to an increase in
familial conflict and, consequently, an increase in divorce. Substantiating evidence for this view
is provided by Mincer [1985] who, in a survey of twelve industrialized nations, found that rising
divorce rates clearly lag rising female labor force participation rates.

Previous studies of the impact of income on divorce have provided mixed results. Becker,
Landes, and Michael [1977] find that a rise in expected female earnings increases the probability
of divorce, while a rise in expected male earnings reduces the probability of divorce. D’amico
[1983] recognizes two distinctly different possible effects of income on divorce. One hypothesis
is that as the female’s wage relative to the male’s rises, conflict based on competition for status
within the marriage will occur and will increase the likelihood of divorce. The second, opposing

hypothesis, is the notion that the pursuit of higher socioeconomic status is a familial one and that
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a wife earning a relatively higher wage than that of the husband may contribute to the overall
status goal and solidify the marriage. D’amico’s results tend to confirm the latter hypothesis.
Finally, Hoffman and Duncan [1995] find no support for the hypothesis that increased real wages
for females lead to increased divorce rates.

However, Spitze and South raise another question that is closely related to the income issue.
In a 1985 study, they produce evidence that the number of hours a wife works has a greater
impact on the probability of divorce than do various measures of the wife’s income.

Using time-series analysis, South [1985] finds little evidence that the divorce rate rises
during periods of recession and falls during periods of expansion. He does find a positive, albeit
small, effect of unemployment on the divorce rate. His model indicates that changes in the age
structure and the labor force participation rate of women have significantly stronger impacts on
the divorce rate than other macroeconomic variables.

Finally, using a simple vector autoregressive (VAR) approach, Bremmer and Kesselring
[1999] show that the female labor force participation rate does not Granger cause divorce rates.
However, they do provide statistical evidence that divorce rates Granger cause female
participation in the labor force. They also show that past participation in the labor market

influences women salaries.

II1. The data and unit root tests
Annual time-series data for the divorce rate, the female labor force participation rate, and the
level of median real female income are readily available. Data on the divorce rate was obtained

from the National Center of Health Statistics of the Centers for Disease Control.! The level of

'See the divorce data at http://www.cdc.gov/nchs/fastats/divorce.htm.
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real median female income was acquired from the U.S. Census Bureau.” The labor force
participation rate for women sixteen years and older was obtained from the Bureau of Labor
Statistics.’

One of the main contributions to the study of macroeconomic time-series is the importance of
verifying whether a time-series is stationary. Time series that are nonstationary have unit roots
and can be characterized as random walks. In regard to regression analysis, if both the
dependent variables and the independent variables are nonstationary, spurious results may occur.
In this case, traditional statistical inference using standard t-tests and F-tests would tend to reject
the hypothesis that there is no relationship between the dependent and explanatory variables
when, in fact, no underlying relationship between the variables exist.* To ensure that inferences
from time-series regressions are valid, one has to statistically test whether the data series exhibit
unit roots. To accomplish this, the augmented Dickey-Fuller [1979] test and the Phillips-Perron
[1988] test are used.

Let Z be a time series variable. If Z follows an autoregressive scheme, then Z; = pZ; + uy,

where -1 < p < 1, and u; is a white noise, random error term. If Z follows a random walk, then

Z has a unit walk, implying p = 1. The augmented Dickey Fuller test detects unit roots by

estimating the regression

AZ, =B, +Bt+0Z_ + Y ©0AZ_ +, (1)

i=1
where t is a time trend, AZ; = Z; — Z.1, and g is the error term. In equation (1), 9, o, B1, and w;, 1

=1, ..., m, are regression parameters to be estimated. The null hypothesis of a nonstationary

*See http://www.census.gov/hhes/income/histinc/p05.html.
*This data can be found at http://www.bls.gov/webapps/legacy/cpsatab1.htm.

* Nelson and Plosser (1982) is the classic paper that analyzes this problem with macroeconomic time series.
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random walk implies & equals 0. The number of lagged dependent variables included as
explanatory variables depends on how long the lag length needs to be to ensure that & is not
serially correlated.

The results of the augmented Dickey-Fuller tests are reported in Table 1. In the case of all
three of the variables - - the divorce rate, the female labor force participation rate, and the
median female real income - - the null hypothesis of a zero root is not rejected. However, the
first differences of this data do appear to be stationary. In the case of the first differences of the
divorce rates, the null hypothesis of a unit root is rejected at the 10 percent level. The null
hypotheses of unit roots in the first differences of the female labor force participation rate and
median real female income is rejected at the 1 percent level. Given the statistical evidence that
the first differences of these data series are stationary, these variables are said to be integrated of
order one, or I(1).

Further evidence that the first differences of these variables are stationary is shown in Table
2, which shows the Phillips-Perron unit root tests. This test differs from the augmented Dickey-
Fuller test by correcting for autocorrelation parametrically, thus preserving the larger sample
sizes by not having to add lagged dependent variables to eliminate autocorrelated error terms.
Using levels data, this tests fails to reject the null hypothesis of unit roots for all three of the
variables. However, once the data is first differenced, the Phillips-Perron tests indicate that all
three series are stationary. Using first-differenced data, the null hypothesis of unit roots is
rejected at the one percent level for first-differences in the female labor force participation and
real median female income. The null hypothesis of nonstationary is rejected at the five percent
level in the case of first differences of the divorce rate. Therefore, in a finding that is consistent

with the augmented Dickey-Fuller results, the Phillips-Perron test results reported in Table 2
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indicate that each of these three data series is I(1).

IV. Cointegration tests

If the three time series--divorce rate, female labor force participation rate, and median real
income--all have unit roots, a vector autoregression (VAR) of these variables may lead to
misleading, spurious results. However, there may exist a linear combination of these variables
that is stationary. This stationary, linear relationship of the nonstationary time-series variables is
called a cointegrating equation, and it is often interpreted as the true, long-run relationship
between the variables.

The increasing prevalence of VAR’s in time series estimations derives from the problems
usually confronted by economists wishing to avoid specification errors common to most time-
series methods. For most econometric models, the choice of specification can be a very thorny
issue. The typical specification search is strictly one of trial and error. Frequently, different
functional forms and combinations of possible explanatory variables are selected and tested. The
reason for this is that economic theory may not conclusively indicate the impact of a given
variable, nor may it conclusively indicate which variables should be included in--or, for that
matter, excluded from--the model’s specification. Furthermore, theory may do little to reveal the
true functional form of the model.

Therefore, to minimize the possibility of specification errors, to exploit the simultaneity of
the variables chosen for the model, and to circumvent the possibility of making incorrect
distinctions between exogenous and endogenous variables, a VAR model was chosen to explain
the relationship between the divorce rate, the female labor force participation rate, and the level
of median real female income. In a VAR framework, each endogenous variable is a function of

past values of all endogenous variables. In addition, successive lagged endogenous variables are
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added to the specification until the error term is no longer autocorrelated.

Let the divorce rate in year t equal Dy, the female participation rate in year t be L, and the
median real female income in year t be Y. The VAR is a system of three equations specified as

follows:

D =0+ 2 BD.; + Z Oyl + 2 Vi Yo + 1y (2)
iol i=1 i=1

L, =0y, +2B21Dt—i +282iLt—i +2Y2th—i + Uy (3)
i=1 i=1

i=1

Y, =0, + 2 ByD. i+ 2 oL + z Y5 Y HHye  (4)
i=1 i=1 i=1

Each of the above equations was estimated using ordinary least squares (OLS). It could
certainly be argued that the error terms in equations (2) - (4) are correlated and, therefore, a
technique such as seemingly unrelated regressions (SUR) should be used for their estimation
rather than a single-equation estimator such as OLS. However, because each of the equations has
exactly the same explanatory variables, the OLS estimates and the SUR estimates are identical.

The choice of the lag length, m, can be guided by using the Akaike information criterion
(AIC), the Schwartz criterion, or likelihood ratio tests. Another deciding factor is that the lag
length must be sufficiently long so that the error terms in equations (2)-(4) are all white noise. In
examining lag lengths of m =2, m = 3, or m = 4, likelihood ratio tests indicate that a lag length
of m=3is optimal.5 Testing the null hypothesis of m = 2 with an alternative hypothesis of m
=3, the likelihood ratio test statistic is 16.76 with a p-value of 0.052.° This implies that the null
hypothesis of m = 2 can be rejected at the ten-percent level. However, when the null hypothesis

of m = 3 is compared to an alternative hypothesis of m = 4, the resulting chi-squared test statistic

> The test for the optimal lag length used the same sample of annual data between 1952 and 1995.

® This likelihood ratio test is distributed chi-squared with nine degrees of freedom.
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is 8.76 with a p-value of 0.46." This implies that the null hypothesis of m = 3 cannot be rejected
even at the ten-percent level.

Given the decision that the lag length of the VAR is equal to three, the next step is to
determine whether the three are cointegrated. The trace tests suggested by Johansen and Juselius
[1990] and Johansen [1991] are used. These tests are based on assumptions regarding whether
the cointegrating vector includes an intercept or a trend, or whether the VAR exhibits a
deterministic trend. Johansen proposes five alternatives consisting of different combinations of
assumptions. Table 3 reports the five different sets of assumptions proposed by Johanson along
with the Akaike information criterion (AIC) scores used to test which set of assumptions should
be applied to the current problem. The alternative with the smallest AIC (6.90) is model 5. It
assumes that the cointegrating vector includes both an intercept and a trend, and that the
underlying VAR exhibits a quadratic trend.

Table 4 reports the results of applying Johansen’s trace test to a model based on the
assumptions set forth in alternative 5 (described above) along with a lag length of 3. With a test
statistic of 36.69, the null hypothesis of no cointegrating vector is rejected at the 5 percent level.
However, the null hypothesis that the number of cointegrating vectors is at most one has a test
statistic of 12.94, implying that the null hypothesis cannot be rejected at the five-percent level.
Finally, the null hypothesis of at most two cointegrating vectors is rejected at the five percent
level. The statistical conclusion is that there is one cointegrating vector.

Table 5 reports the coefficients of the normalized cointegrating equation and the
corresponding regression statistics for the associated VAR. The estimated coefficients for the
female labor force participation rate and the level of median real income are statistically

significant at the ten-percent level or better. The cointegrating relation is plotted in Figure 7,

7 This chi-squared variable also has nine degrees of freedom.
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which shows that the divorce rate was greater than its long-run level during most of the Sixties

and Seventies.

V. Vector error correction and impulse functions

Because the divorce rate, the female labor participation rate, and the level of median real
female income are cointegrated, estimation of a vector error correction (VEC) model is the
appropriate next step. The vector error correction technique is essentially a restricted VAR that
includes the cointegrating equation in the model’s specification. The model is estimated with the
data in first difference form, not in levels, and while it allows short-run dynamics, the VEC
model includes a restriction that each variable must converge to its long-run, cointegrating
relationship.

The parameter estimates of the VEC model are reported in Table 6. While one does not
usually emphasize the statistical significance of the individual slope coefficients in a VAR or
VEC format, the model’s performance is mixed. The coefficient for the cointegrating equation’s
error correction term, which is included in each equation as an explanatory variable, is only
statistically significant in the female labor force participation equation. The only significant
variable in the divorce equation is the time trend and only the one period lag of the first
difference in real income is statistically significant in the income equation. An F-test of the null
hypothesis that all slope coefficients are zero is rejected for the divorce and labor force
participation equations but not for the income equation.

R-squared calculations for these equations vary widely with values ranging from a high of
0.606 for the divorce equation to a low of 0.197 for the income equation. It is important to
remember that the dependent variables of these equations are all expressed in first differences.

Once the predicted changes in the dependent variables are converted to levels data, the model’s
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ability to explain variations in the data becomes more apparent. Figure 4 plots the actual and
predicted divorce rates in levels data. The R-squared value for this procedure is 0.9902. The
actual and predicted levels of the female labor force participation rate are shown in Figure 5, and
the close fit is indicative of the level form R-squared of 0.9981. The model also predicts median
real female income (in level form) quite well. The actual and predicted values for this variable
are plotted in Figure 6, and the recalculated R-squared is 0.9824.

The interpretation of the magnitude, sign and significance of an individual slope coefficient
in a VEC model is problematical. After all, the reason for including the lag structure in a VEC
model is to eliminate serial correlation, improve forecasting, and avoid misspecification
problems when theory is inconclusive about the underlying functional form or the specific set of
explanatory variables that should be included. Therefore, it should come as no surprise that a
technique other than slope interpretation is used for prediction purposes. [See Stock and Watson,
2001] Consequently, to study the effect of any given change on an explanatory variable, a
common practice is to analyze impulse response functions. The impulse response function
reveals what happens to a given dependent variable if there is a change or innovation in the error
term of one of the other equations in the system. In the results that follow, the innovation in each
of the impulse response functions was a one standard deviation increase in the error term of one
of the other equations.

The response of the divorce rate to an increase in the female labor force participation rate is
shown in Figure 8. An increase in female labor force participation leads to a decrease in the
divorce rate. A very possible explanation for this result is that the wife’s contribution to family
income reduces economic pressures on the family and, consequently, decreases the probability of

divorce. This is an interesting result when compared to previous studies such as the one by
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Hannan, Tuma and Groenveld [1978]. It has long been argued that working outside the family
contributes to income and income usually contributes to family stability (In the literature, this is
referred to as the income effect of female employment). However, a persistent argument has
been made that rising female labor force participation increases the female’s level of
independence and, along with it, the probability of divorce (In the literature, this is referred to as
the independence effect). The evidence produced by this study clearly indicates that an increase
in female labor force participation does not increase the likelihood of divorce.

These results are mitigated somewhat by the impulse response function in Figure 11 which
indicates that increases in female income do lead to rising divorce rates. This finding is in
opposition to those produced by Greenstein [1990] who argues that increases in income
contribute to marital stability. It does appear that separating the income effect from the
independence effect has been problematical. The evidence produced by this study points to the
importance of both the independence effect and the income effect. Employment may increase
martial stability, but higher returns from employment may result in greater numbers of dissolved
marriages.

The impulse response function pictured in Figure 9 reveals that rising divorce rates
correspond to rising female labor force participation. There are two probable reasons for this
relationship. First, women who have experienced divorce surely enter the labor force in order to
offset the loss of income and wealth inevitably associated with marital dissolution. However,
another key interpretation of this result is that a rising divorce rate sends a signal to all married
females that the probability of remaining married for a lifetime is waning. The appropriate and
predictable response is for females to substitute away from nonmarket activities (housework and

child rearing) to market activities (work). Greater female investment in human capital is the
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predictable outcome, and is confirmed by the results provide in Figure 9.

Finally, Figure 10 shows the effect of an innovation in median female income on labor force
participation. Increases in median female income lead to increases in female labor force
participation. This is not a surprising result. The incentive to work rises and females respond to

the incentive.®

VI. Conclusions and thoughts for future work

Results in this paper indicate that the divorce rate, the female labor force participation rate,
and the median level of real female income have unit roots, and that time-series regression with
level data may produce spurious results. These variables are integrated of order one, and there
exists a single, cointegrating relationship between them. Furthermore, the single cointegrating
equation implies that these variables have a single, underlying long-run relationship.

The most interesting results derive from application of impulse response functions to the set
of equations. Previous studies on divorce have argued that female labor force participation could
have dual effects on marital dissolution. The “income effect” argues that female labor force
participation increases income and reinforces familial relationships, thereby leading to a
reduction in the likelihood of divorce. A counter argument in the literature focuses on the
“independence effect.” This effect hypothesizes that female labor force participation increases
income, financial independence and, consequently, the probability of divorce. Time series
results from this paper argue for the existence of both effects. Increases in female labor force
participation appear to reduce the likelihood of divorce. However, the evidence clearly indicates
that increases in female income lead to increases in the likelihood of divorce. Without doubt,

income is a much better indicator of financial independence than simple labor force participation.

¥ Often the results of analyzing the impulse response functions depends on the order the innovations are introduced
in the VEC. The qualitative outcome of the impulse response functions was the same regardless of the ordering.
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Table 1

Augmented Dickey-Fuller (ADF) Unit Root Test

Regression Assumptions

Statistic  Critical Values

Variable (Annual Data) Data Type Data Lags Constant Trend |r| Ty, Thye,
Divorce Rate Levels '51-95 2 Yes No 1.68 2.60  3.58
Divorce Rate 1* Differences '51-'95 1 No No L77#%*% 1.62  2.61
Female Labor Force Participation Levels '50-'95 1 Yes Yes 1.95 3.18  4.17
Female Labor Force Participation 1% Differences '51-'95 1 Yes No 4.17* 2.60  3.58
Median Real Female Income Levels '50-'95 1 Yes Yes 2.16 3.18  4.17
Median Real Female Income 1* Differences '51-'95 1 Yes No 3.92% 2.60  3.68

*(***) indicates the null hypothesis of a unit root is rejected at 1%(10%) level.

Table 2

Phillips-Perron Unit Root Tests

Statistic Critical Values

Variable (Annual Data) Data Type Data |r| ‘TZO% Thoe
Divorce Rate Levels '49-95  0.66 2.93 3.57
Divorce Rate 1" Differences '50-95  3.12%* 293 358
Female Labor Force Participation Levels '49-95  1.80 3.51 4.16
Female Labor Force Participation 1% Differences '50-95  4.37* 293 358
Median Real Female Income Levels '49-95 242 3.51 4.16
Median Real Female Income 1* Differences '50-95  4.54% 2.93 3.58

*(**) indicates the null hypothesis of a unit root is rejected at 1%(5%) level.
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Table 3

Summary of Johansen Cointegration Tests: Akaike Information Criteria

Model Assumptions Model 1{Model 2|Model 3|Model 4| Model 5
Deterministic Data Trend: No No Linear | Linear |Quadratic
Assumptions Pertaining to Intercept? No Yes Yes Yes Yes
Cointegrating Equation(s): Trend? No No No Yes Yes
Rank or Number of Cointegrating Equation(s)|Model 1/Model 2|Model 3|Model 4| Model 5
0 7.29 7.29 7.19 7.19 7.17
1 7.10 7.14 7.16 6.96 6.90
2 7.24 7.27 7.24 6.99 7.00
3 7.51 7.46 7.46 7.15 7.15
Table 4
Johansen Cointegration Test - - Trace Tests: Model 5
Eigenvalue Likelihood 5 .Percent 1 .Percent Hypothesi;ed Numbgr of
Ratio  |Critical Value|Critical Value| Cointegrating Equation(s)
0.42 36.69 34.55 40.49 None *
0.16 12.94 18.17 23.46 At most 1
0.11 5.14 3.74 6.40 At most 2 *

* denotes rejection of the hypothesis at 5% significance level

Table 5
Vector Error Correction, Cointegrating Equation, and VAR Summary Statistics

Cointegrating Equation

Dy 1.0000
| ) -357.0525%*
(-6.4298)
Yo 0.0013%***
(2.0130)
Time Trend 1.6305
Intercept 93.9237
Regression Statistics for VAR
Determinant Residual Covariance 0.0339
Log Likelihood -112.8565
Akaike Information Criteria 6.9026
Schwartz Criteria 8.4840

t-statistics in parentheses. *, **, *** jmplies the estimated
coefficient is statistically different from zero at the 1%, 5%, and

10% level, respectively.
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Table 6
Vector Error Correction - - VAR Estimates with First Differences - - Sample: 1952 - 1995

Dependent Variables
ADy AL, AY;
Intercept 0.15873 0.00373 52.24672
(0.86682) (2.77166) (0.54177)
Time Trend -0.01394%** 0.00006 1.90524
(-2.35161) (0.12930) (0.61023)
Cointegrating Equation 0.05438 0.00154* -1.73559
(1.13283) (4.37362) (-0.06865)
Divorce Rate ADy; 0.12942 -0.00401* -52.97690
(0.67870) (-2.86360) (-0.52753)
Divorce Rate AD,., 0.24050 -0.00162 -36.00333
(1.14026) (-1.04694) (-0.32413)
Divorce Rate ADy3 -0.04470 -0.00307*%*%* 57.74148
(-0.21224) (-1.98314) (0.52059)
Participation Rate ALy 28.12394 0.47665 6835.48100
(1.41965) (3.27428) (0.65517)
Participation Rate AL, -14.34733 0.02986 2100.30500
(-0.62931) (0.17826) (0.17576)
Participation Rate AL;.3 13.98764 0.09411 -4988.19400
(0.64635) (0.59180) (-0.43767)
Real Income AYy 0.00050 0.0000002 0.34146%**
(1.37504) (0.07171) (1.80105)
Real Income AY.» 0.00013 -0.0000008 -0.04123
(0.33071) (-0.28903) (-0.20066)
Real Income AY.3 0.00056 0.000002 0.05900
(1.55628) (0.84103) (0.31278)
R? 0.606 0.570 0.197
F 4.427* 3.855% 0.714

t-statistics in parentheses. *, **, *** implies the estimated coefficient is statistically different from zero
at the 1%, 5%, and 10% level, respectively.
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Table 7

Data Appendix
Year D: | D Y. Year D: L; Y.
1948 11.2 32.70% $6,149 1972 17.0 43.90% $9,328
1949 10.6 33.10% 5,922 1973 18.2 44.70% 9,444
1950 10.3 33.90% 5,808 1974 19.3 45.70% 9471
1951 9.9 34.60% 5,898 1975 20.3 46.30% 9,607
1952 10.1 34.70% 6,360 1976 21.1 47.30% 9,598
1953 9.9 3440% 6,409 1977 21.1 48.40% 9,943
1954 9.5 34.60% 6,335 1978 21.9 50.00% 9,840
1955 9.3 35.70% 6,130 1979 22.8 50.90% 9,623
1956 9.4 36.90% 6,208 1980 22.6 51.50% 9,790
1957 9.2 36.90% 6,268 1981 22.6 52.10% 9,928
1958 8.9 37.10% 5,970 1982 21.7 52.60% 10,118
1959 9.3 37.10% 6,171 1983 21.3 52.90% 10,427
1960 9.2 37.710% 6,250 1984 21.5 53.60% 10,898
1961 9.6 38.10% 6,278 1985 21.7 54.50% 11,076
1962 9.4 37.90% 6,524 1986 21.2 55.30% 11,476
1963 9.6 38.30% 6,581 1987 20.8 56.00% 12,097
1964 10.0 38.70% 6,859 1988 20.7 56.60% 12,501
1965 10.6 39.30% 7,093 1989 204 57.40% 12,978
1966 10.9 40.30% 7,420 1990 20.9 57.50% 12,930
1967 11.2 41.10% 7916 1991 20.9 57.40% 12,975
1968 12.5 41.60% 8,533 1992 21.2 57.80% 12,928
1969 13.4 42.70% 8,634 1993 20.5 57.90% 12,993
1970 14.9 43.30% 8,643 1994 20.5 58.80% 13,197
1971 15.8 43.40% 8,908 1995 19.8 58.90% 13,620

D, = Divorce rate per 1000 married women 15 years and over. Source:
http://www.cdc.gov/ nchs/fastats/divorce.htm. L, = female labor force participation rate
for women 16 years and older. Source: http://www.bls.gov/webapps/legacy/cpsatabl.htm.
Y, = U.S. female median real income (in 2000 dollars). Source:
http://www.census.gov/hhes/income/histinc/p05.html.
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Figure 1
Divorces Per 1000 Married Women Age 15 Years and Older: Annual Data, 1948 — 1995
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Figure 2

Female Labor Force Participation Rate Age 16 Years and Older: Annual Data, 1948 — 1995
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Figure 3
Real Female Median Income (in 2000$): Annual Data, 1948 — 1995
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Figure 4
Results from Error-Corrected VAR: Predicted and Actual Divorce Rates
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Figure 5
Results from Error-Corrected VAR: Predicted and Actual Female Labor Force Participation
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Figure 6

Results from Error-Corrected VAR: Predicted and Actual Female Real Median Income
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Deviation of Divorce Rate from Long-Run Value

Figure 7
Cointegrating Vector - - Deviation from the Long-Run Level
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Figure 8

Response of Divorce Rate to Innovation in Labor Force Participation
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Figure 9
Response of Female Labor Force Participation to Innovation in Divorce Rate
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Figure 10
Response of Female Labor Force Participation to Innovation in Median Female Real Income
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Figure 11
Response of Divorce Rate to Innovation in Median Female Real Income
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